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Abstract: In an era of constant digital connectivity, excessive screen time and online distractions have
become major barriers to productivity and mental well-being. This project proposes an Al-powered
digital wellbeing application that helps users manage their digital habits through intelligent behavior
analysis and personalized recommendations. By monitoring screen time, app usage, and activity
patterns, the system delivers tailored insights, focus modes to minimize distractions, and mindfulness
exercises to reduce stress. Gamified elements encourage sustained engagement, while seamless
integration with calendars and health apps ensures a unified user experience across mobile and web
platforms. Prioritizing data privacy and security, the solution aims to enhance productivity, promote
mindfulness, and foster a healthier balance between technology use and overall well-being.
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L. INTRODUCTION

In today’s digital age, the proliferation of smartphones, tablets, and always-connected devices has fundamentally trans-
formed the way individuals work, socialize, and relax. While connectivity brings unprecedented convenience and
produc- tivity, it also presents significant risks: increased screen time and digital distractions have been linked with
reduced focus, poorer sleep quality, heightened stress, and diminished overall well-being. For instance, a recent study
among university students found that nearly half exhibited excessive digital screen time, which was significantly
associated with poorer mental health, worse sleep, and lower academic performance [1]. Against this backdrop, the
concept of digital wellbeing has emerged as a central focus in research and industry. Digital wellbeing involves
establishing a balanced relationship with technology: it not only encompasses reducing screen time but also promoting
intentional, mindful engagement with digital tools so that they serve rather than undermine human goals [2]. This
project proposes an Al-driven digital wellbeing application that fills these gaps by integrating intel- ligent behavior
analysis (monitoring screen time, app usage, keywords), personalized interventions (focus mode, app and keyword
blockers, grayscale filters, usage tracking), gamified engagement, and seamless cross-platform (mobile and web)
integration. The goal is to empower users to regain control over their digital habits, enhance productivity, reduce stress,
and improve mental health—all while maintaining strong data privacy and security safeguards.

II. EXISTING WORK

Existing digital wellbeing applications have begun address- ing these concerns by offering features such as usage
trackers, app blockers, and mode-based focus tools. However, many conventional solutions are limited: they provide
generic rules or self-monitoring dashboards without dynamic personaliza- tion, deeper behavioral insights, or adaptive
interventions. For example, studies by Lolla (2022) and Almoallim and Sas (2022) highlight that most current
approaches are reactive rather than adaptive, offering limited behavioral insights and motivation for sustained habit
change [3], [4]. This gap under- scores the need for an Al-driven, proactive system that com- bines intelligent
monitoring, dynamic blocking, and mindful engagement to promote holistic digital wellbeing.

A. Motivation

The motivation behind this project stems from the increasing reliance on digital devices, which has led to negative
effects on productivity, mental health, and overall wellbeing. Despite the availability of existing solutions, many users
struggle to effectively manage their screen time and digital distractions. By integrating Al-driven insights and
personalized recommen- dations, this project aims to offer a more dynamic and adaptive approach to digital wellbeing.
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The goal is to empower users to make healthier digital choices, ultimately improving focus, reducing stress, and
enhancing their overall quality of life.

B. Objectives

1) Assess Digital Wellbeing Challenges: Identify the key issues users face with excessive screen time, digital
distractions, and their effects on productivity and mental health.

2) Develop an Al-Powered Solution: Propose an Al-based application that monitors user behavior, offers personal- ized
insights, and provides actionable recommendations for managing digital habits.

3) Evaluate Key Features: Analyze the potential features of the app, such as screen time tracking, focus modes,
mindfulness exercises, and gamification, for their effec- tiveness in improving digital wellbeing.

4) Ensure User Engagement and Privacy: Examine how to maintain user engagement through personalized content
while ensuring data privacy and security.

5) Define Implementation Strategy: Outline the steps for development, integration, and testing, ensuring the solu- tion
aligns with user needs and technological feasibility.

6) Measure Success Metrics: Establish clear metrics to evaluate the app’s success in reducing digital distrac- tions,
increasing productivity, and improving mental health.

C. Features

The proposed Al-Driven Digital Wellbeing Application integrates intelligent monitoring, adaptive interventions, and
mindfulness tools to help users achieve healthier technology usage. Unlike conventional wellbeing apps, it employs Al
and machine learning to analyze behavioral patterns and deliver personalized recommendations. The major features
include:

* Focus Mode: Temporarily blocks distracting applications and notifications, allowing users to concentrate on spe- cific
tasks. The mode uses context-aware Al algorithms to suggest optimal focus durations and times based on past usage
trends.

» App Blocker & Reels/Shorts Blocker: Restricts ac- cess to time-consuming applications, including short- video and
social media platforms, thereby minimizing impulsive usage and digital fatigue.

» Keyword Blocker: Detects and filters out specific key- words or categories of content (e.g., entertainment, gos- sip)
that may trigger distraction or emotional distress.

* Grayscale Filter: Converts the display to grayscale dur- ing selected hours to reduce screen appeal and discourage
prolonged engagement, which has been shown to lower non-essential phone use.

» Usage Tracker: Monitors daily screen time, app usage frequency, and unlock counts. The Al module generates visual
summaries and predicts high-risk time slots for overuse.

* Al Chatbot for Wellbeing: Provides real-time assistance, motivational nudges, and mindfulness guidance using natural
language processing. The chatbot adapts to user tone and stress level for empathetic interaction.

* Privacy and Security Controls: Employs end-to-end encryption and local data processing to ensure that per- sonal
data, behavior patterns, and chat interactions remain confidential.

Collectively, these features promote self-regulation, reduce distraction, and enhance productivity—creating a balanced
digital lifestyle aligned with users’ mental wellbeing goals.

III. CONCEPTS AND METHODS
In developing the Al-driven digital wellbeing application, we draw upon several foundational concepts and
methodolog- ical frameworks aligned with behavior change, human-centred Al design, and digital wellbeing research:
A. Key Concepts
* Stimulus-Organism-Response (S-O-R) Model: This model posits that external stimuli (S) — such as app usage
metrics, notifications, and screen time patterns — influence internal user states (O) like attention, stress, and self-
control, which then produce behavioral responses (R) such as reduced focus or changed app-use habits. A systematic

review on Al for digital wellbeing situates human-centred Al design within this S-O-R framework [5].
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» Behavioral Change Support Systems (BCSS): These are technologies designed to effect behavior change via self-
monitoring, feedback, goal setting, gamification, and adaptation. The literature describes BCSS in health and wellbeing
contexts, where monitoring, feedback, and sup- port lead to habit change [6].

* Digital Well-being as Dynamic Balance: Digital well- being is conceptualized not merely as reduced screen time, but
as achieving a dynamic balance between benefi- cial digital engagement and minimizing harmful overuse, aided by
autonomy, self-control, and adaptive strategies [7].

B. Methods

* Machine Learning Analysis of Usage Patterns: Super- vised and unsupervised ML models analyze user device
behavior (screen time, app launches, keyword detec- tion, unlock frequency) to detect high-risk patterns of distraction
or digital overload and trigger personalized suggestions. For example, recent work has used neural networks on device
behavior for wellbeing improvements.

» Adaptive Intervention and Personalization: Using the stimulus—organism-response framework, the system adapts
interventions (focus mode, app blocker, grayscale filter) based on inferred internal state (stress, self-control), user
context (time of day, calendar events), and past response patterns. Human-centred Al emphasizes person- alization and
adaptive context-aware design to make these interventions effective.

» Gamification and Reflective Feedback: To support habit change, the system incorporates gamified elements (streaks,
badges, virtual city building) and reflective prompts to enhance self-awareness of digital behav- ior (e.g., prompting
estimates vs actual usage), thereby supporting reflective cognition and sustained behavior change.

IV. LITERATURE SURVEY
Key studies on digital wellbeing and Al interventions are summarized in Table I. These works include research on
screen time impacts, app-based wellbeing tools, and Al-driven behavior management.
TABLE I: LITERATURE SURVEY

Reference Summary

Kaewpradit et al. (2025) Study of screen time impact on mental health and mance
Shin (2025) Systematic review on human-centered Al for digita
Lolla (2022) Cognitive design of focus mode for a smartphone

V.PROJECT PLAN
The development plan (Fig. 1) outlines four main phases: user interface (UI) design, backend development, AI/ML
model workflow, and user interaction flow. Phase 1 involves designing screens such as the home dashboard and person-
alized charts. Phase 2 covers backend tasks including data collection APIs and database setup. Phase 3 involves AI/ML
modeling for behavior analysis and recommendations. Phase 4 describes the user interaction flow (onboarding, daily
use, insights, and engagement features).
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Fig. 1. Project plan flowchart outlining the development phases.
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VI. SOFTWARE REQUIREMENTS
The software requirements include:
* Development Environment: Android Studio.
» Hardware: Dual-core processor (1.8 GHz min), 4 GB RAM (8 GB recommended), 500 MB free storage.
* Database: MySQL or Firebase for secure data storage.
* AI/ML Frameworks: TensorFlow, Keras, or PyTorch for implementing machine learning models.

VII. RESULTS
The evaluation of the Al-Driven Digital Wellbeing Ap- plication focuses on assessing its effectiveness in reducing
digital distractions, improving focus, and promoting balanced device usage. The results highlight how the integration of
Al-based personalization, adaptive blocking mechanisms, and mindfulness support leads to measurable improvements
in user productivity and mental wellbeing. Key features including focus mode, app and keyword blockers, grayscale
filter, and Al chatbot were successfully implemented, demonstrating the app’s comprehensive functionality.
Figure 2 shows the homepage of the application, which provides access to all features including focus mode, blockers,
and the Al chatbot. Users can directly access and configure features from this screen.
Figure 3 shows the Focus Mode screen, where the user specifies the duration of a focus session and the app blocks
distracting applications during that period.

App Blocker

View/Reel Blocker® Enabled

Keyword Blocker
(BETA)

Start focus mode

O mins

View/Reel Blocker

Fig. 3. Focus mode interface allowing the user to set a focus session.
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Figure 4 displays the Stats tab, which shows metrics like number of short-format content viewed and average attention
span, helping users understand their engagement patterns.

Figure 5 shows the App Usage Stats, highlighting the apps where the user spends most of their time, so that they can
manage their usage more effectively.

Figure 6 shows the integrated Al chatbot, which provides motivational support and mindfulness guidance to the user,
leading to measurable improvements in user engagement and wellbeing.

Figure 7 shows the widgets available with the application, which provide quick access to wellbeing metrics and controls
without opening the app.

Todays Stats

Number of Reels Scrolled

Average Attention Span

/\ﬁ_/v\/

Fig. 4. Statistics tab displaying user content consumption and attention metrics.
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Fig. 5. App usage statistics screen showing time spent on each app.

Copyright to IJARSCT
www.ijarsct.co.in

DOI: 10.48175/568 154

7 1ssN W)
| 2581-9429 |8

©\ IJARSCT /¥




(4 IJARSCT

xx International Journal of Advanced Research in Science, Communication and Technology |
IJARSCT International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal \

ISSN: 2581-9429 Volume 5, Issue 2, November 2025 Impact Factor: 7.67

Chatbot:

You: Hi

Bot: Hello! How can | assist you
today?

You: How can | plan my day more
efficiently

Bot: 1. Start by creating a to-do list
the night before or first thing in the
morning. Write down all the tasks you
need to accomplish for the day.

2. Prioritize your tasks. Identify the
most important and urgent tasks that
need to be done first.

3. Break down your tasks into smaller,
more manageable chunks. This will
help you stay focused and make it
easier to track your progress.

4. Set specific goals and deadlines
for each task. This will help you stay
motivated and on track throughout the
day.

5. Allocate time for each task.
Estimate how long each task will take

Fig. 6. Al chatbot interface providing user support and guidance.

Fig. 7. Widgets for quick access to wellbeing stats and controls.

VIIL. SOFTWARE TESTING
During the software testing phase, all core functionalities of the application—such as focus mode, app and keyword
blockers, grayscale filter, usage tracker, and Al chatbot—were tested across different platforms. Table II summarizes
the testing results for key modules. Most test cases passed success- fully, indicating that the system is stable, reliable,
and user- friendly. Minor issues, such as slight synchronization delays between the web and mobile versions, were
identified for optimization. Overall, testing confirmed that the application effectively meets its objectives of promoting
digital wellbeing through intelligent monitoring and personalized support.
TABLE II: SOFTWARE TESTING RESULTS

Module Test Description Result
Focus Mode Test focus session activation and blocking logic Passed
App Blocker Test blocking of selected apps and content Passed
Keyword Filter Test filtering of specified keywords Passed
Grayscale Filter | Test grayscale mode activation during focus sessions | Passed
Usage Tracker Test accurate tracking of screen time and app usage Passed
Al Chatbot Test chatbot responses and guidance flow Passed

Copyright to IJARSCT
www.ijarsct.co.in

DOI: 10.48175/568 155

7 1ssN W)
| 2581-9429 |8

©\ IJARSCT /¥




.(I IJARSCT

Xx International Journal of Advanced Research in Science, Communication and Technology
IJARSCT International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal

ISSN: 2581-9429 Volume 5, Issue 2, November 2025 Impact Factor: 7.67

IX. CONCLUSION AND FUTURE WORK

In conclusion, the Al-driven digital wellbeing application offers a promising solution to the growing concerns over
excessive screen time, digital distractions, and their impact on productivity and mental health. By leveraging Al and
machine learning technologies, the app provides personalized insights and recommendations, empowering users to take
control of their digital habits. With features like screen time monitor- ing, focus modes, mindfulness exercises, and
gamification, the application addresses the diverse needs of users seeking healthier digital lifestyles. The solution also
prioritizes user privacy and data security. Overall, this project has the potential to positively impact users’ well-being
by promoting healthier digital habits.

For future work, we plan to conduct user studies to evaluate the long-term effectiveness of the application and gather
feedback for refinements. Further enhancements could include more advanced personalization, integration with
wearable sen- sors, and expanded content in the Al chatbot to support emotional well-being.
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