
I J A R S C T    

    

 

               International Journal of Advanced Research in Science, Communication and Technology  

                               International Open-Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal 

Volume 5, Issue 8, May 2025 

 Copyright to IJARSCT         DOI: 10.48175/568   761 

    www.ijarsct.co.in  

 
 

ISSN: 2581-9429 Impact Factor: 7.67 

 

Automated Lung Disease Detection from X-ray 

and CT Scan Images Using Deep Learning: A 

CNN-Based Approach 
Shaikh Arbaz Hasan, Nat Shubham Vitthal, Jadhav Sanika Somnath, Prof. K. M. Borude 

Department of  Computer Engineering  

SGVSS Adsul Technical Campus Faculty of Engineering, Chas, Ahmednagar 

 

Abstract: Lung infections are a major global health concern, requiring early and precise diagnosis to 

improve treatment outcomes. This study explores the application of deep learning, particularly 

Convolutional Neural Networks (CNNs), in detecting lung diseases using chest X-ray and CT scan 

images. The proposed system aims to classify conditions such as pneumonia, tuberculosis, lung cancer, 

and COVID-19 by analyzing medical images. The framework includes key components such as data 

acquisition, preprocessing, neural network model development, and performance evaluation. Ethical 

considerations, including data privacy and model transparency, are incorporated to ensure responsible 

AI implementation in healthcare. 

To enhance accuracy, the research utilizes a combination of deep learning models, including sequential, 

functional, and transfer learning techniques. Preprocessing steps such as image denoising and data 

augmentation are applied to improve model robustness. The study highlights the potential of AI in 

automating lung disease diagnosis, reducing dependency on manual interpretation, and assisting 

healthcare professionals in making faster and more reliable decisions. Future advancements may 

include real-time deployment, integration with clinical decision support systems, and continuous 

learning models for improved diagnostic efficiency. This research contributes to the growing field of AI-

driven medical imaging, offering a promising solution for early and accurate lung disease detection. 
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I. INTRODUCTION 

Lung infections and diseases remain a critical challenge in global healthcare, affecting millions of individuals annually. 

Early and accurate detection is essential for effective treatment and improved patient outcomes. Traditional diagnostic 

methods, such as manual interpretation of chest X-rays and CT scans, rely heavily on radiologists' expertise, which can 

lead to variability in diagnosis. The increasing demand for efficient and consistent detection has driven the integration 

of artificial intelligence (AI) into medical imaging. Deep learning, particularly Convolutional Neural Networks (CNNs), 

has emerged as a powerful tool for automating disease detection by analyzing medical images with high accuracy and 

efficiency. 

Deep learning models have demonstrated remarkable success in various medical applications, including cancer 

detection, diabetic retinopathy screening, and brain tumor classification. Among these, CNNs have revolutionized 

image-based diagnostics by extracting intricate patterns and features that may not be easily distinguishable to the 

human eye. Unlike traditional machine learning techniques that require handcrafted feature extraction, CNNs 

automatically learn hierarchical representations from raw image data, making them highly effective for medical image 

classification tasks. This advancement has led to significant improvements in the identification of lung diseases such as 

pneumonia, tuberculosis, lung cancer, and COVID-19. 

The application of CNNs in lung disease diagnosis involves multiple stages, including data acquisition, preprocessing, 

model training, and performance evaluation. Large-scale datasets of X-ray and CT scan images are essential for training 
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deep learning models, ensuring they generalize well to unseen cases. Preprocessing techniques, such as image 

normalization, noise reduction, and data augmentation, play a crucial role in improving model performance. These 

techniques help mitigate common challenges in medical imaging, such as variations in image quality, contrast 

differences, and artifacts. Additionally, transfer learning, where pre-trained models like VGG-16 are fine-tuned on lung 

disease datasets, has proven effective in enhancing accuracy while reducing the need for extensive labeled data. 

Despite the impressive performance of deep learning models, challenges remain in their clinical adoption. One major 

concern is the interpretability of AI-driven diagnoses. Deep learning models function as "black boxes," meaning their 

decision-making process is not always transparent. This raises concerns about trust and accountability in medical 

applications. To address this, explainable AI (XAI) techniques are being developed to provide insights into model 

predictions, helping radiologists and healthcare professionals understand why a particular diagnosis is made. Moreover, 

ethical considerations, including data privacy, fairness, and bias mitigation, must be carefully addressed to ensure 

responsible deployment of AI in healthcare settings. 

The integration of AI in lung disease diagnosis has the potential to significantly reduce diagnostic errors, optimize 

radiologists' workload, and improve patient outcomes. Automated systems can assist medical professionals in making 

faster and more accurate diagnoses, particularly in resource-limited regions where access to expert radiologists is 

scarce. Furthermore, AI-powered diagnostic tools can facilitate early detection and timely intervention, reducing 

mortality rates associated with severe lung infections. As AI technology continues to evolve, the combination of deep 

learning with real-time clinical decision support systems could transform the landscape of medical diagnostics, making 

healthcare more accessible and efficient. 

This study aims to explore the role of deep learning in lung infection detection, focusing on CNN-based models trained 

on X-ray and CT scan datasets. By analyzing different architectures, including sequential, functional, and transfer 

learning models, this research seeks to identify the most effective approach for classifying lung diseases. The findings 

of this study will contribute to the growing field of AI-driven healthcare, providing a foundation for further 

advancements in automated medical diagnostics. Through continuous improvements and collaborations between AI 

researchers and medical professionals, deep learning can revolutionize lung disease detection, ultimately enhancing 

global healthcare outcomes. 

 

OBJECTIVE 

 To develop an AI-based model for the accurate detection and classification of lung infections using deep 

learning techniques. 

 To analyze the performance of CNN architectures in identifying lung diseases from X-ray and CT scan 

images. 

 To enhance diagnostic accuracy by implementing preprocessing techniques such as noise reduction and data 

augmentation. 

 To evaluate the efficiency of transfer learning in improving model performance with limited labeled medical 

datasets. 

 To promote the integration of AI in healthcare by addressing challenges related to interpretability, reliability, 

and ethical considerations 

 

II. LITERATURE SURVEY 

No. Title Authors Key Contributions 

1 Pneumonia Detection Using 

Deep Learning Methods 

Poosa Praveen 

Kumar, 

Yashwanth 

Renukunta, et al. 

- Compares VGG16, VGG19, ResNet-50, and 

ResNet-101 models.  

- Shows RESNET-based models provide high 

accuracy.  

- Proposes application for classification. 

2 Detection of Pneumonia from Navraj Khanal, - Uses CNN and Nadam optimizer for pneumonia 
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X-ray Images Using Deep 

Learning 

Ishraque Ali, et al. detection.  

- Focus on improving automated diagnostic 

processes. 

3 Pneumonia Detection and 

Classification using CNN and 

VGG16 

Dr. Sunil L. 

Bangare, et al. 

- Proposes VGG16 CNN for classification.  

- Achieves 95% accuracy.  

- Focus on detecting bacterial, viral, and COVID-19 

pneumonia. 

4 Deep-learning Convolutional 

Neural Networks with 

Transfer Learning Accurately 

Classify COVID-19 Lung 

Infection 

Shreeja Kikkisetti, 

et al. 

- Focuses on transfer learning for COVID-19 

classification.  

- Uses chest X-rays to classify COVID-19, bacterial, 

and viral pneumonia. 

5 Pneumonia Detection Using 

Convolutional Neural 

Networks 

Puneet Gupta - Compares CNN models: AlexNet, LeNet, 

GoogleNet, ResNet, VGGNet.  

- Reports 97% accuracy using VGGNet. 

6 Pneumonia Detection Using 

Convolutional Neural 

Networks (CNNs) 

V. Sirish Kaushik, 

et al. 

- Applies CNNs for medical image classification.  

- Aims to reduce diagnostic errors and improve early 

detection. 

7 Pneumonia Detection Using 

Deep Learning Techniques 

Sammy V. 

Militante, 

Brandon G. 

Sibbaluca 

- Trains five CNN models: AlexNet, LeNet, 

GoogleNet, ResNet, VGGNet.  

- Achieves highest accuracy with VGGNet. 

 

III. PROPOSED SYSTEM 

The proposed system aims to develop an automated and intelligent lung infection detection framework using deep 

learning techniques. By leveraging Convolutional Neural Networks (CNNs), the system will analyze X-ray and CT 

scan images to identify various lung infections such as pneumonia, tuberculosis, lung cancer, and COVID-19. The 

model will be trained on publicly available medical datasets, ensuring it learns intricate patterns in lung images that 

indicate infection. This AI-driven approach minimizes human error in diagnosis and provides a rapid, accurate, and 

cost-effective solution for detecting lung diseases. 

To enhance model performance, the system will implement advanced preprocessing techniques, including noise 

reduction, contrast enhancement, and normalization of images. These steps are crucial for improving image quality and 

ensuring that the deep learning model extracts relevant features effectively. Additionally, data augmentation techniques 

such as rotation, flipping, zooming, and rescaling will be employed to increase the diversity of training samples, 

preventing overfitting and improving generalization. 

The architecture of the proposed system will integrate three different deep learning models: a Sequential Model, a 

Functional Model, and a Transfer Learning Model using VGG-16. The sequential model follows a straightforward 

layer-by-layer structure, while the functional model provides greater flexibility in designing complex neural network 

architectures. The pre-trained VGG-16 model will be used for transfer learning, leveraging its previously learned 

features to improve classification accuracy on medical images. 

To optimize performance, the system will utilize the Adam optimizer with an appropriate learning rate, ensuring faster 

convergence and stability during training. Evaluation metrics such as accuracy, precision, recall, and F1-score will be 

used to assess the effectiveness of the proposed models. By comparing different architectures, the system will identify 

the most suitable approach for real-world clinical applications. 

Additionally, a web-based or mobile application interface will be developed to integrate the trained model, allowing 

healthcare professionals to upload X-ray or CT scan images for instant analysis. The system will provide real-time 
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diagnostic feedback, aiding radiologists and doctors in making informed decisions. This integration will streamline the 

diagnostic workflow, especially in resource

Ethical considerations, including data privacy, bias mitigation, and explainability, will be a key focus of the proposed 

system. Ensuring transparency in AI-driven diagnostics is critical for gaining trust among healthcare professionals

patients. Future enhancements will involve continual learning mechanisms to improve model adaptability over time, 

integration with hospital management systems, and collaboration with radiologists for further validation.

Overall, the proposed system represents a significant advancement in AI

accurate lung infection detection. By combining deep learning, data augmentation, and optimized model architectures, 

this research aims to revolutionize diagnostic accu

improve patient outcomes worldwide. 

 

Datasets: 

The study utilizes three primary datasets for lung infection detection through X

dataset, compiled by Paul Mooney, consists of 5,856 frontal chest X

healthy individuals, while 4,273 exhibit pneumonia symptoms. The second dataset, known as the Shenzhen dataset and 

developed by Scott Mader, contains 662 frontal chest X

evidence of tuberculosis. The third dataset, provided by Mohamed Hany, includes 907 lung CT scan images, 

comprising 215 from cancer-free individuals and 692 containing si

adenocarcinoma, large cell carcinoma, and squamous cell carcinoma.

 

Preprocessing and Data Augmentation: 

The images within these datasets were originally captured at varying resolutions. To ensure consistency a

compatibility with convolutional neural networks (CNNs), all images were resized to 224 x 224 pixels. This 

standardization facilitated uniform processing and model training. Furthermore, data augmentation techniques were 

applied to enhance the diversity of training samples, helping the model generalize better. Augmentation strategies 

included horizontal flipping, rotation, zooming, shearing, and rescaling, all of which introduced variations in the 

dataset. These enhancements contributed to the robustness

broader range of image variations. 

 

Deep Learning Algorithms: 

The project integrates three distinct deep learning models: a 

Model (Transfer Learning) using VGG-16.
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driven diagnostics is critical for gaining trust among healthcare professionals

patients. Future enhancements will involve continual learning mechanisms to improve model adaptability over time, 
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presents a significant advancement in AI-assisted healthcare, contributing to early and 

accurate lung infection detection. By combining deep learning, data augmentation, and optimized model architectures, 

this research aims to revolutionize diagnostic accuracy, reduce dependency on manual interpretation, and ultimately 

 
Fig.1 System Architecture 

The study utilizes three primary datasets for lung infection detection through X-ray and CT scan images. The first 

ataset, compiled by Paul Mooney, consists of 5,856 frontal chest X-ray images. Among them, 1,583 images belong to 

healthy individuals, while 4,273 exhibit pneumonia symptoms. The second dataset, known as the Shenzhen dataset and 

ontains 662 frontal chest X-ray images, of which 326 depict normal lungs and 336 show 

evidence of tuberculosis. The third dataset, provided by Mohamed Hany, includes 907 lung CT scan images, 

free individuals and 692 containing signs of different types of lung cancer, such as 

adenocarcinoma, large cell carcinoma, and squamous cell carcinoma. 

 

The images within these datasets were originally captured at varying resolutions. To ensure consistency a

compatibility with convolutional neural networks (CNNs), all images were resized to 224 x 224 pixels. This 

standardization facilitated uniform processing and model training. Furthermore, data augmentation techniques were 

of training samples, helping the model generalize better. Augmentation strategies 

included horizontal flipping, rotation, zooming, shearing, and rescaling, all of which introduced variations in the 

dataset. These enhancements contributed to the robustness and accuracy of the deep learning model by exposing it to a 

The project integrates three distinct deep learning models: a Sequential Model, a Functional Model

16. 
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The images within these datasets were originally captured at varying resolutions. To ensure consistency and 

compatibility with convolutional neural networks (CNNs), all images were resized to 224 x 224 pixels. This 

standardization facilitated uniform processing and model training. Furthermore, data augmentation techniques were 

of training samples, helping the model generalize better. Augmentation strategies 

included horizontal flipping, rotation, zooming, shearing, and rescaling, all of which introduced variations in the 

and accuracy of the deep learning model by exposing it to a 

Functional Model, and a Pretrained 
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Sequential Model: 

The sequential model follows a layer-by-layer approach, where each layer's output serves as the input for the 

subsequent layer. 

It consists of convolutional layers for feature extraction, followed by pooling layers to reduce spatial dimensions. 

The model is optimized using the Adam optimizer with a learning rate of 0.0001. 

 

Functional Model: 

Unlike sequential models, the functional model allows for flexible connections between layers, enabling the design of 

complex architectures. 

This model comprises two initial convolutional layers with different kernel sizes, processing inputs independently. 

The extracted features are then combined and passed through five additional convolutional layers with a 3 × 3 kernel 

size. 

Similar to the sequential model, it employs the Adam optimizer with a learning rate of 0.0001. 

 

Pretrained Model (Transfer Learning - VGG-16): 

The VGG-16 model, well-regarded for its efficiency in image classification tasks, is employed for lung infection 

detection. 

Pre-trained weights from large-scale datasets are utilized, allowing the model to leverage previously learned patterns for 

improved classification. 

Transfer learning is incorporated to adapt knowledge from a different dataset, enhancing accuracy without requiring 

extensive training. 

VGG-16 was selected due to its strong performance in the ImageNet competition and its effectiveness in medical image 

analysis. 

This approach combines multiple deep learning architectures with preprocessing and augmentation techniques to 

achieve high accuracy in detecting lung infections from medical images. 

 

IV. RESULT & DISCUSSION 

The project successfully demonstrated the effectiveness of deep learning models in detecting and classifying lung 

diseases, such as pneumonia, tuberculosis, and lung cancer, using both X-ray and CT scan images. By training and 

evaluating Sequential, Functional, and Transfer Learning models, the study achieved high classification accuracy, with 

the VGG-16-based Transfer Learning model delivering the best results. The use of data augmentation techniques, 

including rotation, flipping, and rescaling, significantly improved the model's robustness and generalization, enabling it 

to perform well across different image variations. Standardizing image resolutions to 224 × 224 pixels ensured 

consistency in feature extraction, allowing the models to efficiently process medical images. The Adam optimizer with 

a learning rate of 0.0001 further contributed to stable training and better convergence, minimizing loss and enhancing 

model performance. 

Comparative analysis of the three models highlighted Transfer Learning with VGG-16 as the most accurate and reliable 

approach, leveraging pre-trained weights to enhance feature extraction. While the Functional Model provided flexibility 

in connecting different layers and improved performance over the Sequential Model, it required greater computational 

resources. The Sequential Model, although simpler, showed limitations in handling complex feature extraction. The 

study reinforces the significance of deep learning in medical diagnostics, providing an efficient and automated approach 

for early lung disease detection. Despite promising results, further improvements can be made by integrating more 

diverse datasets, optimizing hyperparameters, and exploring advanced architectures like EfficientNet and Vision 

Transformers (ViTs). These advancements could enhance accuracy, making AI-driven medical imaging a powerful tool 

for improving early detection, diagnosis, and patient care outcomes. 
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 High Diagnostic Accuracy: The optimized CNN architecture improves detection accuracy across multiple 

lung infections, including pneumonia, COVID

more reliable diagnostics, which is essential in clinical settings.

 Improved Interpretability: By integrating Grad

X-ray images that influence its decisions, helping radiologis

This transparency builds trust and supports AI

 Enhanced Data Robustness: Advanced data preprocessing and data augmentation techniques ensure the 

model is resilient to variations in X

allows it to perform consistently across different hospitals and equipment.

 Continuous Learning Capability

evolving medical knowledge and adapt to emerging infections, ensuring it remains relevant and accurate over 

time. 

 Ethical and Privacy Compliance

proposed system ensures patient data privacy and fairness in diagnosis, promoting ethical use of AI in 

healthcare settings. 

 Cost and Time Efficiency: Automation reduces the time required for manual analysis, allowing healthcare 

providers to handle higher patient volumes and decrease di

resource utilization and better patient outcomes.

 

 Dependence on High-Quality Data

training data. Limited or biased datasets may reduce its effectiveness, leading to potential inaccuracies when 

diagnosing cases outside its training parameters.

 Complexity in Model Interpretation

understanding the internal workings of deep neural networks can still be challenging, which may limit 

complete transparency in some diagnostic decisions.

I J A R S C T  
   

International Journal of Advanced Research in Science, Communication and Technology

Access, Double-Blind, Peer-Reviewed, Refereed, Multidisciplinary Online Journal

Volume 5, Issue 8, May 2025 

         DOI: 10.48175/568   

  

 

 
Fig.2 Predicted Disease 

 
Fig.3 Chart showing Accuracy 

V. ADVANTAGES 

: The optimized CNN architecture improves detection accuracy across multiple 

lung infections, including pneumonia, COVID-19, and tuberculosis. Enhanced accuracy

more reliable diagnostics, which is essential in clinical settings. 

: By integrating Grad-CAM visualizations, the system highlights relevant areas in 

ray images that influence its decisions, helping radiologists understand and validate the AI's predictions. 

This transparency builds trust and supports AI-assisted decision-making in healthcare. 

: Advanced data preprocessing and data augmentation techniques ensure the 

variations in X-ray quality, machine settings, and patient demographics. This robustness 

allows it to perform consistently across different hospitals and equipment. 

Continuous Learning Capability: The system's ability to learn from new data helps it stay u

evolving medical knowledge and adapt to emerging infections, ensuring it remains relevant and accurate over 

Ethical and Privacy Compliance: By incorporating strict data anonymization and bias evaluation, the 

t data privacy and fairness in diagnosis, promoting ethical use of AI in 

: Automation reduces the time required for manual analysis, allowing healthcare 

providers to handle higher patient volumes and decrease diagnostic delays, ultimately leading to more efficient 

resource utilization and better patient outcomes. 

VI. DISADVANTAGES 

Quality Data: The system’s performance heavily relies on the quality and diversity of 

datasets may reduce its effectiveness, leading to potential inaccuracies when 

diagnosing cases outside its training parameters. 

Complexity in Model Interpretation: Although interpretability tools like Grad-CAM are used, fully 

kings of deep neural networks can still be challenging, which may limit 

complete transparency in some diagnostic decisions. 
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 High Computational Requirements: Training and deploying CNN-based models demand significant 

computational resources, including powerful GPUs, which may limit accessibility for smaller healthcare 

facilities with limited technology infrastructure. 

 Risk of Overfitting: Despite robust data preprocessing and augmentation, there is still a risk of overfitting, 

where the model performs well on training data but struggles with real-world variability, reducing its 

generalizability. 

 Ethical and Privacy Concerns: Handling sensitive patient data introduces privacy and ethical challenges. 

Ensuring that the system complies with regulations like HIPAA or GDPR adds complexity and requires 

rigorous security protocols to safeguard data. 

 

VII. FUTURE SCOPE 

The future scope of this deep learning framework for lung infection detection is expansive, with potential advancements 

in both model sophistication and clinical integration. Future work may focus on developing a multi-modal system that 

combines X-ray data with other diagnostic tools, such as CT scans or patient medical histories, for a more comprehensive 

diagnostic approach. Enhancing the model’s continual learning capabilities could allow it to adapt to new diseases and 

changing clinical guidelines automatically. Additionally, integrating this system directly into hospital decision support 

systems could enable real-time, AI-assisted diagnostics that collaborate with radiologists, thus increasing diagnostic 

accuracy and speed in critical cases. Improved accessibility through cloud-based deployments may also allow broader 

adoption in remote or underserved healthcare settings, ultimately contributing to better global health outcomes. 

 

VIII. CONCLUSION 

In Automated Lung Disease Detection from X-ray and CT Scan Images Using Deep Learning: A CNN-Based 

Approach demonstrates the effectiveness of Convolutional Neural Networks (CNNs) in accurately diagnosing lung 

diseases such as pneumonia, tuberculosis, and lung cancer. By employing Sequential, Functional, and Transfer 

Learning models, the research achieved high accuracy rates, with VGG-16-based Transfer Learning proving to be the 

most efficient due to its ability to leverage pre-trained weights for enhanced feature extraction. Data preprocessing and 

augmentation techniques played a crucial role in improving model generalization, making the system more robust to 

variations in medical images. The findings underscore the potential of deep learning in revolutionizing healthcare by 

enabling faster, automated, and precise disease diagnosis, ultimately reducing diagnostic errors and aiding in early 

treatment. Future improvements, including larger datasets, optimized architectures, and real-world clinical validation, 

can further enhance the reliability and applicability of AI-driven diagnostic tools in medical imaging. 
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