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Abstract: Communication is the key to express one’s thoughts and ideas. Among all the forms of
communication, the most preferred form of communication is speech. In the era of Intelligent systems, the
computer human interaction plays a major role in the functionality. This python project uses the libraries
present to analyse the audio files. This project gives an overview of the deep learning techniques which are
based on feature extraction and model creation which recognizes the emotion of the speaker. This project
was made more efficient by the usage of data, efficient methods for feature extraction and classification.
The existing models are capable of analysing only the three emotions namely Happy, Angry and Neutral,
using this project we can identify Eight different emotions namely Sad, Happy, Calm, Angry, Fearful,
Disgust, Surprised and Neutral. The emotion detection through speech improves the functionality of the
Intelligent Systems.
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